INTRODUCTION
Bangladesh has the largest operation of microfinance 1 programme in the world with about 12.4 million active borrowers and over 629 microfinance institutions (MFI) engaged in microfinance (World Bank 2003, p 21) . One of the arguments given for expanding the microfinance industry is to substitute for informal credit market 2 and help poor people escape the clutches of 'evil moneylenders' who allegedly charge usurious rates of interest (Meyer 2002) . This is a decade-old problem for the policymakers in developing countries. As early as in the 1950s the Indian government tried to provide positive institutional alternatives to the moneylenders (Bell 1990) . The linkage between the formal and informal credit markets has also been of great interest to development economists. Morduch (1999 Morduch ( , p 1595 raised the question, "How will the existence of a subsidized programme affect the profitability of both formal and informal institutions operating nearby?" This paper addresses one important aspect of linkage by empirically investigating the impact of microfinance programme expansion on the moneylender interest rates in Bangladesh.
Recent development points out that the response of the interest rates in informal sector to expansion of formal credit depends on the characteristics of both sectors such as market structure in the informal sector and repayment schedule of formal sector. Hoff and Stiglitz (1993, 47-48; 1998) outlined conditions under which increasing access to formal credit may increase or decrease interest rates in informal sector. If some borrowers can satisfy all their borrowing needs from formal sector at lower interest rates, there will be less demand for informal credit. Under perfect competition and perfect information, this would exert downward pressure on interest rates. But in a monopolistically competitive market 3 with free entry and one moneylender being an 1 In this paper no distinction is made between "microfinance" and "microcredit" as microfinance operation is defined to include lending activities only. 2 Informal sector includes friends, relatives, neighbours, moneylenders, employers, input suppliers, and shopkeepers. Microfinance institutions (MFI), government institutions, commercial banks, cooperatives, and other NGOs are defined as the formal sector (McKernan, Pitt and Moskowitz, 2005) . 3 There is evidence that rural informal credit markets are not perfectly competitive. One celebrated study is by Aleem (1990) who studied services, costs, and charges of 14 informal market moneylenders and their clients in Chambar, Pakistan. His estimated the resource costs incurred by informal lenders for screening, pursuing delinquent loans, overhead, and cost of capital and found that lenders charge interest rates that are equal to their average cost of lending but exceed their marginal cost. His finding suggests that the informal credit market is characterized by monopolistic competition in the presence of imperfect information.
imperfect substitute for another, a subsidy in formal sector may cause the interest rates in informal sector to rise because the induced new entry drives up the marginal enforcement cost of lending in the informal sector (Hoff and Stiglitz 1998) . Bose (1998) extends Hoff and Stiglitz (1998) by including heterogeneous agents who differ in their probability of default. The subsidized programmes diminish optimal scale and siphon off the best borrowers. As a result, the informal lenders are left with a riskier pool of borrowers that leads to higher enforcement costs, and consequently they charge higher interest rates as risk premium. Jain (1999) reached similar conclusion by considering a case in which scale advantages of the formal sector outweigh the informational advantages of local moneylenders, while Floro and Ray (1997) considered the case in which an expansion of formal credit may strengthen the ability of informal lenders to collude among them. Jain and Mansuri (2003) followed an entirely different route that resembled the present scenario in Bangladesh that a microfinance programme might well have a "crowding-in" effect on informal lenders. Under some circumstances this "crowding-in" effect might be strong enough to raise the interest rates in the informal sector. For example, the tight repayment schedule of MFIs (in Bangladesh the first weekly installment of MFI loans is due immediately) forces many borrowers to borrow from moneylenders to repay MFI loans. Borrowers also find it difficult to finance long-gestation projects and even seasonal working capital needs for agricultural production by loans from MFIs.
Although there are numerous theoretical models that explain the interest rates in informal sector as a result of MFI programme expansion, empirical evidence is scant. To the best of our knowledge, this is the first paper that investigates this linkage in Bangladesh context. We analyze village level survey data from 156 villages in three districts in northern Bangladesh, and find that moneylender interest rates increase with MFI programme expansion. The interest rates are found to be higher in the villages where higher percentage of households borrowed from MFIs after controlling uses of MFI and moneylender loans, adoption of modern agricultural production technology, quality of cultivable land, village level physical infrastructure, incidence of poverty, and a proxy for competition among moneylenders.
We find that use of moneylender loan in productive purposes than consumption lowers interest rates. But MFI programme expansion increases moneylender interest rates in the villages in which more loans Iqbal (1988) found evidence of the reduction of moneylender monopoly power in rural India as a result of increased competition from formal lending agencies. Kochar (1997, p. 366 ) obtained a negative but insignificant (statistically) coefficient of per capita formal credit on the probability of borrowing from informal sector, and concluded that a more thorough analysis of the relationship between formal and informal credit is warranted.
are invested in productive activities. Productive use of loan lowers the default risk. On the other hand, since MFIs do not supply adequate amount for productive investment or for seasonal working capital, and repayment is required immediately after borrowing, borrowers resort to moneylenders for additional funds to sustain their projects. The increased demand raises moneylender interest rates. Although it is not our purpose to test competing theories, our empirical results favour Jain and Mansuri (2003) hypothesis. We cannot directly test the hypothesis because there is no variation in the repayment schedule of MFI loans; for all MFIs in Bangladesh maturity of loan is usually one year and borrowers are required to begin repayment immediately after loan is disbursed (usually after one or two weeks). It is also found that competition among moneylenders lowers interest rates. Interest rates are also higher in the villages located away from place of commercial activities. Results are robust to correction for endogeneity.
The results have important policy implications. MFIs can enhance productive investment by borrowers by allowing more flexibility in loan disbursement and repayment schedule. Borrower projects will also be more profitable if MFIs expand their programme of loan-only to loan-plus such as credit with skill development training, information and provision of inputs. On the other hand, competition between formal and informal lenders will increase borrowers' access to fund at competitive interest rates.
FORMAL-INFORMAL LINKAGES IN CREDIT MARKET IN RURAL BANGLADESH
Very little is known about the response of the informal lenders to MFI programme expansion. However, there is widespread evidence that MFI clients borrow from informal sources as part of their financial management strategy. Sinha and Matin (1998) reported that about 87% of rural households in the northern Bangladesh borrowed from informal sources and the proportion was higher among the MFI borrowers. Husain et al. (1998) found that 11.6% of borrowers from BRAC also borrowed from moneylenders. Zeller et al. (1999) reported similar practices among the rural households in Bangladesh they surveyed in 1994. MFI borrowers received 20% of their total debt outstanding from friends and relatives and another 18% from shopkeepers and other informal sources.
McKernan, Pitt and Moskowitz (2005) documented that during 1998/99 the informal sector was at least as important as the formal sector in Bangladesh. About 29% of the rural households received money (in the form of loan and gift) from the formal sector compared to 24% from the informal sector. Average amount of money received from the informal sector was significantly larger than the average amount received from the formal sector. An average household received Tk. 2,125 as formal loan, Tk. 1,440 as informal loan, and Tk. 3,040 as informal gifts. Only 6% of the households received money from both sectors and 49% from either formal or informal sector. Roughly 2% of rural households received credit from moneylenders, accounting for 23% of all non-relative credit and 9% of the informal credit received.
Household consumption and payment of other loans are the two most frequently reported uses of informal loans. Sinha and Matin (1998) pointed out that due to large increase in MFI lending some internal cross-financing was taking place in which the proceeds from one loan were being used to repay another. Clients borrow from informal sources so they could maintain high repayment rates with MFIs and become eligible for larger loans in future. Atique Rahman (1992) also provides evidence of similar practices. Aminur Rahman (1999) observed that MFI employees were expected to increase disbursement of loans among their members and pressed for high recovery rates to earn profit necessary for economic viability of the institution. To ensure timely repayment of loan, centers employees and borrowing peers inflict an intense pressure on women clients. Many borrowers maintain their regular repayment schedules through a process of loan recycling that considerably increases the debt liability on the individual households, and increases tension and frustration among household members. Zeller et al. (1999) reported that 9% of the funds borrowed from informal sources were used to pay existing debt. Todd (1996) also describes the complex financial management practices of women members of the Grameen Bank. Clients borrow to pay moneylender and other informal loans, and borrow small sums informally to meet loan installments.
DATA COLLECTION
Data were collected in 2002 from 156 villages in three districts in northern Bangladesh (Kurigram, Rangpur and Nilphamari) as part of the baseline survey for BRAC's CFPR/TUP (Challenging the Frontiers of Poverty Reduction -Targeting the Ultra Poor) programme. 4 Before launching the CFPR/TUP programme on a pilot basis BRAC first needed to select the villages and the extreme poor therein. In the first step of the selection, BRAC's Research and Evaluation Division (RED) conducted participatory rural appraisal PRA in the villages randomly selected to determine the extent of poverty and also to identify the extreme poor in the selected villages. 5 Households initially selected by PRA were surveyed to cross-check the information gathered by PRA, and also to create a baseline for future programme evaluation. Along with the baseline household survey, comprehensive village level information was collected by focus group discussion (FGD) 6 . This paper uses village level survey data for all these villages. The household survey was conducted only among the extreme poor selected by PRA and, therefore, does not represent the village population.
There were several preparatory stages before the FGD. The first stage was to build rapport with the community members. This was not difficult because in most situations the community members were already familiar with BRAC programmes and staff. BRAC's Programme Organizers walk around the community inviting people of all walks of life to the PRA meeting. The PRA sessions and the next household surveys enabled the research team to build good rapport with the community and to have a good idea about who to invite for the FGD. These are the people who are the most knowledgeable about the village. Given the type of issues to be covered in the FGD, members of different socioeconomic background, age and occupation were selected. The group of invitees generally included school teachers, elected Union Parishad (the lowest tier of local government) members, health workers, students and MFI clients. Local bazaar, school or the well traveled place in the village was selected as the venue for the FGD. The size of the group ranged between 8 and 10. The group seated on chairs around a table so that maximum opportunity for eye contact is possible with both the moderator and other group members. If chairs were not available for everyone, the group sat on the ground making a circle. The moderator, who was a researcher from RED and also well trained in qualitative research and data collection, was fully aware of the fact that MFI clients were poor women and being borrowers they were less powerful in the community. The moderator encouraged them to freely express their opinion by explicitly asking them and by providing verbal rewards for such opinions. This was necessary because their responses were crucial for some information. They borrowed from different sources including MFIs and moneylenders and had also close contacts with other MFI clients, and therefore they were better informed about the rural credit market. However, their responses were also discussed by other participants in the group and enumerated only after verification.
A structured questionnaire was used to collect data because of the type of information sought and also for reliability and possibility of replication. At the beginning of the session, the moderator clearly specified the objective of the FGD and the type of information to be sought. It was also made clear at the outset that the FGD would continue for about two hours. However, in several occasions, all issues were not possible to cover in two hours so that discussions had to discontinue. Groups were not kept beyond schedule because it was perceived that impatience of the participants may lead to inaccurate answers. Therefore, all information could not be collected from many villages; there are 89 villages for which data are available for all variables used in the regression.
It is important to mention that more than one FGD were conducted in large villages because participants residing in one part of the village may not have the most accurate information about those residing in another part. In 32.7% of the villages, higher percentages of clients use MFI loans for any productive investment 8 than consumption, and agriculture has been the predominant sector for investment. Conversely, in 10% of the villages the primary use of moneylender loans was any productive investment.
RESULTS

Descriptive statistics
Productive investment was the highest in nearly 60% of the villages for the commercial bank loans.
In about 27% of the villages, poverty situation improved and in 17% of the villages it remained the same in last five years. In about 35% of the villages the situation deteriorated severely. The number of casual daily labourer in the agricultural sector increased in 71% of the villages and it decreased in about 15% of the villages. Increasing incidences of females going out of home for work were reported in 56.7% of the villages, while it decreased in 2.7% of the villages. However, the reason cannot be verified from data; it may be due to greater women empowerment or increased poverty. Average daily male and female wage rates (wage rates are averaged over three cropping seasons) were Tk. 44 and 30 respectively. The moneylender interest rates varied considerably with a mean of 103.33% and standard deviation of 59.06. The minimum and maximum interest rates were 10% and 240% respectively. These were the averages of annual moneylender interest rates in a village.
Determinants of moneylender interest rates
Ordinary least squares (OLS) estimation
In this section, we report results from multivariate regression analysis. The dependent variable is the average annual moneylender interest rates. There may be variations in the interest rates within a village that we cannot exploit. The estimation equation is As mentioned above, the correlation between percentage of households borrowing from MFIs and the number of MFIs lending in a village is 0.88. Therefore, to avoid multicolinearity the latter variable is not included in i Z . The interest rate on MFI loans is also excluded. The reason is that MFIs charge the same interest rate to all borrowers, and there is also little variation in the interest rates among the MFIs.
Average daily male and female wage rates are used as proxy for current poverty situation in the village. Change in the incidence of poverty in last five years is also alternatively used to check robustness. Ghatak (1983) , found that interest rate on informal loan depended on the poverty level. Average rural interest rates for different classes such as casual labourers, tenants and agricultural labourers varied between 36-84% per year in a relatively more prosperous district like Burdwan in West Bengal, India, while it averaged between 72-120% in a relatively poor district like Nadia, India.
We include percentage of cultivable land that grows one, two, and three crops a year as proxies for soil quality, and percentage of land irrigated using electricity as a proxy for adoption of modern agricultural production technology. The latter variable reflects the opportunity for productive investment in agriculture. Main use of both MFI and moneylender loans (1 = investment, 0 = consumption), on the other hand, capture realization of any such opportunity. Iqbal (1988) found in the context of India that moneylender interest rates were influenced by a host of borrower and environmental characteristics. Borrower's profit potential as measured by farm size, soil quality and even farmer's education were important consideration for moneylenders. Farmers residing in areas characterized by the use and/or provision of new technology faced lower interest rates.
The other controls in i Z are several measures of village level infrastructure that include distance of the center of the village from the nearest bank, bazaar, bus stop, all weather (pucca) road, percentage of households with electricity connection, and number of shops in the village. It is argued that MFI programme placement is not random (de Aghion and Morduch 2005, p. 223) . Village level infrastructure and other controls previously mentioned are intended to account for this nonrandomness. A complete list of variables is provided in Appendix.
We estimate equation (1) by OLS with different combinations of the variables in i Z . To account for the village level heterogeneity, we report the White (1980) heteroskedasticity corrected standard errors. Results are reported in Table 2 . Column 2 reports the results for the simple regression when i Z is excluded from equation (1). The coefficient of MFI coverage is 1.1 and significant at any conventional level implying that one percentage point increase in MFI borrowers in a village increases the average moneylender interest rates by 1.1 percentage points. This variable alone can explain 14% variation in the moneylender interest rates. In columns 3, use of moneylender and MFI loans are included. Column 4 includes incidence of poverty. The magnitude and significance of MFI coverage remains the same in all specifications. However, it decreases to 0.85 with 5% level of significance if changes in poverty in last five years instead of male and female wage rates are used (column 5). The coefficients of both moneylender and MFI loan use enter negatively but are not significant. We also found that moneylender interest rates were higher in the villages where higher percentage of land irrigated using electricity. (Bell 1990, p. 306; 1998, p. 488) . Information on the number of moneylenders or large landowners in a village is not available. In rural Bangladesh, land market has become more polarized than in the past as the number of landless or marginal landholders is increasing (Rahman and Manprasert 2006; p. 54) . Taslim and Ahmed (1992; p. 617) in their study villages in Bangladesh found a positive association between percentage of large landowners and tenants who are usually landless or marginal landowners. Information about the number of households owning no more than 10 decimal of land was collected by PRA and the follow-up survey to select the TUP participants. We exploit this information to calculate percentage of households owning no more than 10 decimal of land, which is used as a proxy for number of moneylenders. The idea is that there are more large landowners and thus more moneylenders in the villages in which higher percentages of households are landless and marginal landowners. Results after controlling for competition among moneylenders, reported in columns 4a-5a, confirm robustness of previous results. The coefficient of competition is negative but significance is not robust to alternative measures of poverty. It is also found that moneylender interest rates are higher in the villages located away from bazaar, the market in rural areas.
The results are also robust to different combinations of control variables in i Z . Results do not also change if distance of high school from the center of the village, which can be a proxy for the general education level in the village, is included. The coefficient of this variable is negative but not significant (not reported).
To comprehend why moneylender interest rates are higher in the villages with higher MFI coverage, we include interaction of MFI coverage with use of MFI and moneylender loans, and percentage of land irrigated using electricity.
Results are reported in Table 3 . This equation is estimated alternatively using current and past poverty situations, and also with and without competition among moneylenders. The coefficient of MFI coverage ranges between 1.1 and 1.4 and robustly significant as before. One important change in the results is that the coefficient of moneylender loan use is now robustly significant (and negative). This implies that if loans are used in productive purposes, moneylenders lower interest rates because of lower default risk by borrowers. The interaction of MFI coverage with moneylender loan use enters positively and is significant at 1% level. This result in conjunction with the previous result implies that although productive use of loan lowers moneylender interest rates, in the villages with large MFI coverage interest rates increase because of increased demand for fund. In addition to inadequate supply of loan, MFIs allow little or no flexibility in loan disbursement so that seasonal working capital is difficult to finance by MFI loans. Repayment schedule is also rigid as first installment is due immediately after loan disbursement, so borrowers in many instances save a portion of loan for installment. As a consequence, more loans are demanded from moneylenders to sustain the project, which in turn raises moneylender interest rates.
Percentage of land irrigated using electricity is significantly positive as before, and its interaction with MFI coverage is negative and significant.
System of simultaneous equations estimation
Higher moneylender interest rates can cause good borrowers to switch to MFIs, therefore OLS estimation may give rise to biased and inconsistent estimates in the presence of reverse causality. Finding appropriate instrument(s) is extremely difficult. Number of MFIs delivering loan in a village could be a potential candidate but it is also very likely that MFIs chose to operate in villages where moneylenders charged higher interest rates. Therefore, this variable will not be an exogenous instrument. Changes in the incidence of females going out for work in last five years are also related to MFI coverage because increased number of females going out for work than before indicates less restrictions on them to join MFIs. It can also be an outcome of their past participation in MFIs. However, the F-statistics from the regression of MFI coverage on changes in females going out for work (three dummies are i. increased considerably, ii. increased marginally and iii. remained the same) is low suggesting that these instruments are weak which can potentially lead to more biased estimates (Stock, Wright and Yogo 2002) .
To address the problem, we estimate a system of the following two equations by 3SLS:
MFI Cover InterML
where the 1i W vector includes use of both MFI and moneylender loans, village level infrastructure, percentage of land irrigated using electricity, percentage of land that grows one, two and three crops a year, and current poverty situation (and also the interaction terms in equation (2). These are the same variables included in equations (1) and (2). Figures in the parentheses are White (1980) corrected robust standard errors. All regressions include a constant. *** Significant at the 1% level, ** Significant at the 5% level, * Significant at the 10% level.
The MFI coverage is increasing with the number of MFIs working in a village even with overlapping of membership. Other determinants of MFI coverage are difficult to figure out because of scant empirical evidence. 10 MFIs state their goal as to serve the poor and have some explicit criteria of selecting the participants (owning less than 50 decimal of land) but they do not disclose their criteria of selecting a location or community. It is now official that MFIs in Bangladesh failed to reach the extreme poor within a chosen community. Recognizing this problem BRAC has devised its CFPR/TUP programme specifically tailored to serve the extreme poor. Amin, Rai and Topa (2003) and Rahman and Razzaque (2000) also confirm that MFIs do not always target the extreme poor. Gauri and Fruttero (2003) investigated the determinants of selecting a location by MFIs in Bangladesh. They found that MFIs expanded credit programmes in areas where they were not present, and they were not concerned whether other MFIs were already operating in a given area. They also found that poverty, community level well-being or landlessness were not significant for credit programme expansion. This supports the opportunistic account of MFI behaviour in which MFIs spread out to new locations because donors use coverage as an indicator of MFI efforts. They estimated a fixed-effect model that accounted for the geographical or physical infrastructure; but it is the fixed effects that might also be relevant to choose a location. Ravallion and Wodon (2000) found that geographic placement of Grameen Bank branches appeared to be influenced by the potential gains from switching to rural non-farm activities by the poor. Patterns of use of the MFI loans also give an indication about MFI coverage. More loan use in a particular sector indicates higher marginal product in that sector, and it is therefore, likely that MFIs will expand credit programmes in those villages having better opportunity to invest in those sectors. If the opportunistic account of MFI behaviour is correct, MFIs will expand programme where profitability of investment by borrowers is higher so that they can achieve high recovery rate. Nearly half of all loans disbursed by BRAC are used in certain agricultural activities such as crop production, irrigation, poultry and livestock rearing, fisheries, and food processing. Rural trading is the other important sector with 41.7% of all loans being used (Husain et al. 1998, p. 30) . It is expected that loans of other MFIs are also used in similar patterns. Profitability of many of these activities requires access to electricity and other infrastructural development. It has also been found that 69% of BRAC borrowers live in villages that have medium level infrastructural development (Husain et al. 1998, p. 30) .
Hence, many of the variables that influence moneylender interest rates also influence MFI coverage. The variables included in the 2i W vector are village level infrastructure, percentage of land irrigated using electricity, percentage of land that grows one, two and three crops a year, and changes in the incidence of poverty in the last five years. Current poverty (within a community or village) does not determine current level of participation in MFIs because current level of participation is a cumulative process with many old members who joined previously; rather it is the past incidences of poverty that determines current level of participation. Therefore, we include changes in the incidence of poverty in the last five years in equation (4), while we include in equation (3) male and female wage rates which are proxies for current poverty. This is also necessary to satisfy the exclusion restrictions so that the system is not under-identified. We include changes in the incidence of females going out for work in the last five years as additional instruments for MFI coverage in equation (3). For robustness check, competition among moneylenders (percentage of households owning no more than 10 decimal of land) is included in both equations.
Results for 3SLS estimation of the system are reported in Table 4 . 11 It is evident that the results do not meaningfully change from those estimated by OLS. Column 2a reports results for equation (3) without the interaction terms. The coefficients of MFI coverage and percentage of land irrigated with electricity enter positively and significantly. The interaction terms are included in column 3a. This is our preferred specification as it corrects for endogeneity and incorporates interaction effects of MFI coverage with other relevant factors. As in OLS estimation, use of moneylender loan enters negatively and significantly, and its interaction with MFI coverage positively and significantly. This reconfirms our previous result that moneylenders charge higher interest rates if loans are used in productive purposes in the villages where higher percentage of households borrow from MFIs.
There is one important change in the results. Percentage of land under irrigation using electricity and its interaction with MFI coverage become insignificant. The reason is probably that the MFI borrowers are usually tenants and marginal landowners who are not able to take advantage of modern irrigation facilities because of diseconomies of scale. In column 4a, competition among moneylenders is included as a robustness check. Results do not differ from those in column 3a. We find that competition drives down and higher distance from bazaar increases moneylender interest rates. Figures in the parentheses are standard errors. All regressions include a constant. *** Significant at the 1% level, ** Significant at the 5% level, * Significant at the 10% level.
The coefficient of MFI coverage is uniformly larger than that in comparable OLS regressions ranging from 1.2 to 1.9, and its significance level ranges from 5 to 10% level. In equation (4), moneylender interest rates predict MFI coverage (columns 3b and 4b). Results are also robust to different combinations of variables in the two equations (not reported).
However, these results are based on village level data that lack information in the individual borrower level. Moneylenders may charge different interest rates to different borrowers in the same village based on individual borrower characteristics and loan size. It is worth mentioning that there may be possible multi-level sample selection bias in the household data (Iqbal 1988) . For example, X number of total households are surveyed out of which X 1 < X are found to be borrowers, and only X 2 <X1 borrow from moneylenders. If the analysis is restricted to the X2 borrowers only, the results suffer from two sources of selection bias. If borrowing households are not randomly selected from the overall sample, which may not be unlikely, OLS regression does not distinguish between the behavioural function relating the interest rate to its determinants and the sample selection function relating the probability of borrowing to its determinants. Heckman (1979) correction can be employed to account for this, but there is another level of sample selection bias. If moneylender clients are not randomly selected from the sample of borrowers, which may not again be unlikely, a similar statistical problem occurs. Village level data can avoid this econometric difficulty but at a cost. Nonetheless, it would be more informative to investigate using household data with duly addressing the econometric issues.
CONCLUDING REMARKS
This paper explores the impact of MFI programme expansion on moneylender interest rates in rural Bangladesh. It is found that moneylender interest rates go up with the percentage of households borrowing from MFIs. Productive investment of loan lowers moneylender interest rates. But MFI programme expansion increases moneylender interest rates in the villages in which more loans are invested in productive economic activities. As loans are used for productive purposes, the likelihood of repayment increases, so that moneylenders are able to charge lower interest rates. But if overall demand for fund goes up as indicated by higher percentages borrowing from MFIs, and if MFI loan is inadequate or seasonal working capital is unavailable from MFIs, and repayment schedule is tight, borrowers will resort to moneylenders for additional fund to sustain their projects. Increased demand for fund will increase moneylender interest rates. It is also found that competition among moneylenders lowers, and distance from place of commercial activities increases moneylender interest rates. Results are robust to correction for endogeneity.
The results are important for policymakers. Borrowers can make more productive investments if MFIs meet their demand for loan by allowing more flexibility in loan disbursement and repayment schedule. Borrower projects will also be more profitable if MFIs expand their programme of loan-only to loan-plus. 12 In that case, moral hazard problem faced by moneylenders will be greatly reduced. Active presence of the moneylenders is not necessarily harmful and can even be beneficial if increasing competition between formal and informal lenders increases borrowers' access to funds at competitive interest rates.
